
Sigma J Eng Nat Sci, Vol. 43, No. 2, pp. 607−614, April, 2025

Sigma Journal of Engineering and Natural Sciences
Web page info: https://sigma.yildiz.edu.tr

DOI: 10.14744/sigma.2025.00047

ABSTRACT

Consensus reaching process is an influential feature of social influence network theory and 
group decision making. The influence model undertakes a pivotal role where group decision 
making is based on opinion dynamics. Interpersonal influences of experts have an exceptional 
part of the influence model which is a dominant addition in social influence networks. Influ-
ence based model is a simple and satisfactory mathematical representation of the change of 
opinions due to the experts, influences. Uncertainty is presupposed in almost every direction 
of decision making and opinion dynamics so should also be included in the influence model. 
In this paper, the influence model is refined by utilizing the triangular fuzzy numbers in place 
of crisp numbers, where not only the initial opinions but also the interpersonal influences 
are represented as fuzzy numbers. This extends the influence model from ordinary numbers 
to fuzzy numbers. A fuzzy inverse matrix is computed by using a system of linear equations 
where coefficients and constants are fuzzy numbers. These equations are called fuzzy linear 
equations.
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INTRODUCTION 

Decision-making is an imperative element of our routine 
life whether we are at home or work and have become com-
plicated due to the development of society. Organizations 
arrange group of members for their decision-making pro-
cesses, which is known as group decision making (GDM). 
GDM models are usually concerned with two processes: the 
consensus reaching process (CRP) [1-3] and the selection 
process [4,5]. CRP is an iterative process leading to the final 
solution after discussions and interpersonal influences of 
experts. Yao and Gu [6] propose a consensus model based on 

an influence network for large-scale GDM. After the influ-
ence model was introduced by Friedkin and Johnsen [7], 
there have been presented its related concepts and applica-
tions by different authors [8-10]. Influence models contrib-
ute particularly in GDM, where initial opinions of n experts 
are revised due to their interpersonal and social influences 
[5,11]. These models are based on an iterative process where 
the matri 𝑊 = [𝑤𝑖𝑗]n×n, (𝑤𝑖𝑗 ∈ [0,1]), of interpersonal influ-
ences is a basic component. Weights 𝑤𝑖𝑗 are assumed to be 
satisfy the normalization property i.e. .

Fuzzy set theory [12] is suggested to deal with 
uncertainty which is an important aspect of almost all 

https://sigma.yildiz.edu.tr
https://orcid.org/0000-0002-7404-4642
http://creativecommons.org/licenses/by-nc/4.0/


Sigma J Eng Nat Sci, Vol. 43, No. 2, pp. 607−614, April, 2025608

decision-making processes. Fuzzy set have many general-
izations with a large number of applications in optimiza-
tion and other decision making [13-15]. The mathematical 
theory of interpersonal influences leads us to construct the 
influence models. Fuzzy preference relations (FPRs) also 
play an important role in such problems. FPRs are utilized 
to form the initial opinions of experts and through a math-
ematical model final opinions are obtained [16-18].

Fuzzy numbers have been introduced by Jain [19] 
and Dubois and Prade [20] to model the uncertain 
information. Ranking fuzzy numbers is a crucial step 
in investigating fuzzy information in decision making 
process. A lot of contibutions have been made in rank-
ing of fuzzy numbers [21-24]. A fuzzy number gets its 
extension from the real number and can be considered 
as a function whose domain is a specified set. A fuzzy 
set satisfying some conditions, is called a fuzzy number. 
Fuzzy numbers and the extension principle are the basis 
for fuzzy arithmetic [25]. Lee [26] has also discussed 
fuzzy numbers with their basic operations ⊕, ⊖, ⊗ 
and ⊘, where these operations are conducted for tri-
angular fuzzy numbers (TFNs), with the help of 𝛼-cuts. 
Such operations are not fuzzy, the numbers on which 
the operations are performed are fuzzy, so the results of 
these operations are also fuzzy. TFN (𝑎𝑙, 𝑎0, 𝑎𝑟) assigns 
an interval, called 𝛼-cut, for each value in the interval 
[0,1]. Fuzzy numbers have a wide utilization in decision 
sciences and engineering applications [27,28].

A fuzzy matrix has two different meanings in the lit-
erature: firstly, A = (aij)m×n is called a fuzzy matrix if 𝑎𝑖𝑗 ∈ 
[0,1], (𝑖 = 1,2, … , 𝑚; 𝑗 = 1,2, … , 𝑛), on the other hand 
a matrix with entries of fuzzy numbers is called a fuzzy 
matrix too. Fuzzy matrices of second class is considered 
in this article. There is a strong connection between 
interval matrix and fuzzy matrix because each 𝛼-cut of a 
fuzzy matrix is an interval matrix that contains interval 
numbers. The interval matrix, its operations and singu-
larity were discussed by Rohn [29,30]. Clustering with 
covariance matrix and mediative fuzzy relations which 
contain a large number of uncertainties, also took advan-
tage of fuzzy matrices [31-34]. An approximate inverse 
of an uncertain matrix was introduced in Ghaoui [35]. 
A square matrix 𝐴 of order 𝑛 represents the co-efficient 
matrix in a system 𝐴𝑥 =  𝑏 of linear equations whose 
solution is uniquely determined by finding the inverse 
of 𝐴. In the case of a fuzzy matrix, the computation 
of its inverse is quite complicated. Dehghan et al. [36] 
presented some conditions for the invertibility of fuzzy 
matrices in terms of interval matrices. Farahani et.al. 
[37] presented a method to find the inverse of a fuzzy 
matrix by using eigen value method. Dequan and Guo 
[38] investigated a class of fuzzy linear matrix equation 
by using the embedding approach. Some recent devel-
opments are observed in neutrosophic fuzzy matrices 
[39,40]. Basaran [41] has suggested a method to calcu-
late fuzzy inverse matrix by using a fuzzy linear equation 

system. This method of obtaining the inverse fuzzy 
matrix is utilized in this paper for the matrix of trian-
gular fuzzy numbers and to present the influence model 
where the matrix of interpersonal influences is a fuzzy 
matrix with triangular fuzzy numbers as its entries.

The concepts of social influence network theory and 
opinion dynamics are not mathematical in nature, but 
formation of the matrices of opinions and influences 
prepares the fundamentals for mathematical procedures. 
This research aims to distend the insufficiency of math-
ematical techniques in opinion dynamics and social 
influences. Crisp numbers are replaced by fuzzy num-
bers in the CRP [7]. TFNs are utilized which are suitable 
for ranking and comparison of the influences of experts. 
TFNs give comprehensive results while inverse of the 
matrix is computed.

PRELIMINARIES

Triangular Fuzzy Numbers
Definition 1 

[27] A fuzzy number 𝐴 = (𝑎𝑙, 𝑎0, 𝑎𝑟) where 𝑎𝑙, 𝑎0, 𝑎𝑟 
∈ 𝑅 and 𝑎𝑙 ≤ 𝑎0 ≤ 𝑎𝑟, is a triangular fuzzy number if it is 
represented as the following membership function:

Operations on fuzzy numbers
The arithmetic operations on fuzzy numbers can be 

defined by the extension principle.

Definition 2
[43] Let 𝐴 and 𝐵 be two fuzzy numbers and × be an 

operation on 𝑅 , such as +, −,∗,÷, ⋯. By extension prin-
ciple, the extended operation ⊗ on fuzzy numbers can be 
defined by:

Suppose 𝐴 = (𝑎𝑙, 𝑎0, 𝑎𝑟) and B=  (𝑏𝑙, 𝑏0, 𝑏𝑟) are two 
triangular fuzzy numbers. The formulae for the extended 
addition, subtraction, multiplication and division opera-
tions become [17,23]:

1. Addition

2. Subtraction
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3. Multiplication

4. Division

Ordering of triangular fuzzy numbers
[43] The set of all fuzzy numbers is denoted by 𝑁𝐹. A 

total ordering ≼ on 𝑁𝑇 (the set of all triangular fuzzy num-
bers) may be defined as: (𝑎𝑙, 𝑎0, 𝑎𝑟) ≼ (𝑏𝑙, 𝑏, 𝑏𝑟) if and only 
if
1. 𝑎𝑙 < 𝑏𝑙, or
2. 𝑎𝑙 =  𝑏𝑙 but 𝑎0 < 𝑏0, or
3. 𝑎𝑙 =  𝑏𝑙, 𝑎0 =  𝑏0 but 𝑎𝑟 < 𝑏𝑟.

Fuzzy Inverse Matrix

Definition 3
[44] A matrix �̃� =  (�̃�𝑖𝑗) is called a fuzzy matrix, if each 

element of �̃� is a fuzzy number.
let 𝐴 = (𝑎𝑙, 𝑎0, 𝑎𝑟) and B =  (𝑏𝑙, 𝑏0, 𝑏𝑟) be two 𝑚 × 𝑛 and 

𝑛 × 𝑝 fuzzy matrices. The size of the product of two fuzzy 
matrices is 𝑚 × 𝑝 and is written as follows: �̃� ×  �̃�  =  𝐶̃ =  
(𝑐�̃�𝑗), where 𝑐�̃�𝑗 =  ⨁(𝑎�̃�𝑘⨂�̃�𝑘𝑗) where ⨂ is the approximated 
multiplication.

Before defining fuzzy inverse matrix, it is necessary to 
define fuzzy zero number and fuzzy one number to develop 
fuzzy identity matrix.

Definition 4
[41] If the center value of a fuzzy number is 0 and the 

left and right spread values are 𝛼 and 𝛽 where 0 < 𝛼 < 𝛽 
< 1, this fuzzy number is called fuzzy zero number and is 
denoted as 0̃ =  (−𝛼, 0, 𝛽 ).

Definition 5
If the center value of a fuzzy number is 1̃ and the left and 

right spread values are 𝛿 and 𝜆 where 0 < 𝛿 < 𝜆 < 1, this 

fuzzy number is called fuzzy one number and is denoted as 
1̃ =  (1 − 𝛿 , 1,1 + 𝜆 ).

Definition 6
If the diagonal elements of a fuzzy matrix are fuzzy one 

numbers and the off-diagonal elements are fuzzy zero num-
bers, then this fuzzy matrix is called fuzzy identity matrix 
and is denoted by 𝐼̃.

Social Influence Network Theory
Let 𝑊 = 𝑤𝑖𝑗 be the matrix of interpersonal influences 

among 𝑛 experts with 𝑤𝑖𝑗 ∈ [0,1] and . The 
diagonal matrix 𝐴 = 𝑑𝑖𝑎𝑔(𝑎11, 𝑎22, …  , 𝑎𝑛𝑛) is obtained 
from the matrix 𝑊 computing 𝑎𝑖𝑖 =  1 − 𝑤𝑖𝑖, 𝑖 = 12, … , 𝑛. 
The matrix 𝐴 is clarified as the susceptibility of all experts 
to interpersonal influence [8]. With the first opinion 𝑔(1), 
the following iterative plan is suggested to find the revised 
and final opinion:

  (1)

If 𝐼 − 𝐴𝑊  is non-singular, then this process reaches the 
following

Figure 1 describes the general consensus reaching pro-
cess with interpersonal influences of experts.

INFLUENCE MODEL WITH FUZZY MATRICES

Fuzzy numbers generalize real numbers and are very 
useful to represent data corresponding to uncertain situa-
tions. In this section, an influence model is presented which 
is similar to the model presented in section 2.3 but the ordi-
nary numbers are replaced by fuzzy numbers. TFNs con-
sider only 3 data points and two linear functions so suitable 
to represent the influences and opinions. Final opinions are 

Figure 1. Consensus reaching process.
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obtained when initial opinions and IIs of experts are given. 
Stepwise procedure is as follows:

Step 1: 
A fuzzy matrix 

is taken as a matrix of interpersonal influences, where �̃�𝑖𝑗 
are assumed to be triangular fuzzy numbers and 

�̃�𝑖1 ⊕ �̃�𝑖2 ⊕ ⋯ ⊕ �̃�𝑖𝑛 =  1̃ for 𝑖 = 1,2, ⋯ , 𝑛. And 

is a matrix of sensitivities of experts to the interpersonal 
influences, 𝑎̃𝑖𝑖 =  1̃ − �̃�𝑖𝑖.

Step 2:
A fuzzy column matrix

is taken where its entries are the initial opinions of n experts.

Step 3:
Compute �̃��̃� 

then 𝐼̃ − �̃��̃�   and 𝐼̃ − �̃�  by using 𝐼̃ as defined in Definition 
4.

Step 4:
Find (𝐼̃ − �̃��̃�  )−1 by the procedure described in sec-

tion 3.1 and then final opinions 𝑦∞ by using the following 
equation:

Fuzzy Inverse Matrix
Following is a step-wise procedure to find fuzzy inverse 

of a fuzzy matrix with the entries represented as triangular 
fuzzy numbers:

Step 1: 

be a matrix with entries of triangular fuzzy numbers 
, 𝑖, 𝑗 =  1,2,3.  and  repre-

sent left and right spreads of �̃� 𝑖𝑗 respectively. Let

be the inverse of �̃� where , 𝑖, 𝑗
=  1,2,3.  and  represent left and right spreads of 𝑧̃𝑖𝑗 
respectively. Then �̃� ⊗ �̃� =  �̃�.

Step 2:
We will solve the following system of equations:

Step 3: 
Following system is solved for center part 𝑧𝑖𝑗 of the 

inverse matrix:

To find the left spread part  of the matrix, system is 
written as follows:
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Similarly, right spread part  of the matrix, system is 

written as follows:

Step 4:

Form the matrix �̃� by substituting the values of 𝑧𝑖𝑗,  

and . 

Remark 1: 

If only center parts

of �̃� and �̃� respectively are considered, then 𝑋𝑍 =  𝐼 or 𝑍𝑋 =  
𝐼 i.e. Z is inverse of 𝑋.

Remark 2: 

The final opinion obtained in this way is not unique since 

the uniqueness of fuzzy inverse matrix is not guarenteed.

Example 

Consider the initial opinion of 3 experts:

about some alternative, and

be the matrix of interpersonal influences of these experts. 

Computation of final opinions is required.

Solution

Step 1: Normalized matrix of interpersonal influences 

is obtained by using operations defined in section 2.1.1 (see 

appendix):

In this step identity matrix is considered while in the 

next step, fuzzy identity matrix is considered.

Step 2: 

Step 3: 

be the inverse of 𝐼̃ − �̃��̃�  , described above. Then to find the 

center part of the matrix, following system of equations is 

solved:
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To find the left spread part, following system of equa-
tions is solved:

To find the right spread part, following system of equa-
tions is solved:

Finally, 

which is the final opinion of experts.

CONCLUSION

In this paper, CRP is remodeled with fuzzy numbers, 
instead of crisp numbers. There are some limitations 
in the example given for illustration. In step 1, diago-
nal entriesentries 𝑎�̃�𝑖, 𝑖 = 1,2,3 of the matrix �̃� are equal 
to 1̃ − �̃�𝑖𝑖. 1̃ is chosen according to the entries of  i.e. 

 are the respective fuzzy one 
numbers for three rows. In step 2, fuzzy identity matrix 𝐼̃ 
consists of three equal fuzzy one numbers and six equal 
fuzzy zero numbers. This matrix can also be chosen with 
different fuzzy one and fuzzy zero numbers (means 𝛿 and 
𝛼 are not necessarily same for each entry). As well as deci-
sion-making problems are capable to model with fuzzy 
numbers, interpersonal influences and opinion dynamics 
have also the potential to process with fuzzy numbers and 
fuzzy matrices in more general forms. Moreover some other 
types and generalizations of fuzzy numbers would contrib-
ute to the proceedings of influences and opinions in future. 
This work can facilitate some other consensus-reaching 
processes with fuzzy numbers and prepare for advance-
ments in fuzzy inverse matrices.

AUTHORSHIP CONTRIBUTIONS

Authors equally contributed to this work.

DATA AVAILABILITY STATEMENT

The authors confirm that the data that supports the 
findings of this study are available within the article. Raw 



Sigma J Eng Nat Sci, Vol. 43, No. 2, pp. 607−614, April, 2025 613

data that support the finding of this study are available from 
the corresponding author, upon reasonable request.

CONFLICT OF INTEREST

The author declared no potential conflicts of interest 
with respect to the research, authorship, and/or publication 
of this article.

ETHICS

There are no ethical issues with the publication of this 
manuscript.

REFERENCES

 [1] Palomares I, Estrella FJ, Martínez L, Herrera F. 
Consensus under a fuzzy context: taxonomy, anal-
ysis framework AFRYCA and experimental case of 
study. Inf Fusion 2014;20:252–271. [CrossRef]

 [2] Herrera-Viedma E, Cabrerizo FJ, Kacprzyk J, Pedrycz 
W. A review of soft consensus models in a fuzzy envi-
ronment. Inf Fusion 2014;17:4–13. [CrossRef]

 [3] Dong Y, Zha Q, Zhang H, Kou G, Fujita H, Chiclana 
F, et al. Consensus reaching in social network group 
decision making: research paradigms and chal-
lenges. Knowl Based Syst 2018;162:3–13. [CrossRef]

 [4] Su W, Zhang L, Zeng S, Jin H. A fuzzy-social network 
multi-criteria group decision-making framework for 
selection of renewable energy project: a case of China. 
Int J Fuzzy Syst 2021;24:1059–1078. [CrossRef]

 [5] Capuano N, Chiclana F, Fujita H, Herrera-Viedma 
E, Loia V. Fuzzy group decision making with incom-
plete information guided by social influence. IEEE 
Trans Fuzzy Syst 2017;26:1704–1718. [CrossRef]

 [6] Yao S, Gu M. An influence network-based consen-
sus model for large-scale group decision making 
with linguistic information. Int J Comput Intell Syst 
2022;15:3. [CrossRef]

 [7] Friedkin N, Johnson E. Social influence network and 
opinion change. Adv Group Process 1999;16:1–29.

 [8] Proskurnikov AV, Tempo R, Cao M, Friedkin NE. 
Opinion evolution in time-varying social influence 
networks with prejudiced agents. IFAC Pap Online 
2017;50:11896–11901. [CrossRef]

 [9] Perez LG, Mata F, Chiclana F, Kou G, Herrera-
Viedma E. Modelling influence in group decision 
making. Soft Comput 2016;20:1653–1665. [CrossRef]

 [10] Tsuji R. Interpersonal influence and attitude change 
toward conformity in small groups: a social psycho-
logical model. J Math Sociol 2010:17–34. [CrossRef]

[11] Dong Y, Zhan M, Kou G, Ding Z, Liang H. A sur-
vey on the fusion process in opinion dynamics. Inf 
Fusion 2018;43:57–65. [CrossRef]

[12] Zadeh LA. Fuzzy sets. Inf Control 1965;8:338–353. 
[CrossRef]

[13] Mohanta KK, Sharanappa DS, Dabke D, Mishra LN, 

Mishra VN. Data envelopment analysis in the con-
text of spherical fuzzy inputs and outputs. Eur J Pure 
Appl Math 2022;15:1158–1179. [CrossRef]

[14] Sharma MK, Sadhna, Bhargava AK, Kumar S, 
Rathour L, Mishra LN, Pandey S. A Fermatean fuzzy 
ranking function in optimization of intuitionistic 
fuzzy transportation problems. Adv Math Models 
Appl 2022;7:191–204.

[15] Pakhira R, Ghosh U, Sarkar S, Mishra LN. Study 
of memory effect in an EOQ model with fractional 
polynomial demand rate under fuzzy environment. 
Discontinuity Nonlinearity Complex 2022;11:583–
598. [CrossRef]

[16] Khalid A, Beg I. Influence model of evasive deci-
sion makers. J Intell Fuzzy Syst 2019;37:2539–2548. 
[CrossRef]

[17] Mahmood A, Abbas M. Influence model and dou-
bly extended TOPSIS with TOPSIS-based matrix 
of interpersonal influences. J Intell Fuzzy Syst 
2020;39:7537–7546. [CrossRef]

[18] Mahmood A, Abbas M. Influence model with 
opinions and trust score evaluations under the 
leader-follower environment. J Intell Fuzzy Syst 
2021;41:6363–6373. [CrossRef]

[19] Jain R. A procedure for multi-aspect decision making 
using fuzzy sets. Int J Syst Sci. 1978;8:1–7. [CrossRef]

[20] Dubois D, Prade H. Operations on fuzzy numbers. 
Int J Syst Sci 1978;9:613–626. [CrossRef]

[21] Abasbandy S, Asady B. Ranking of fuzzy numbers by 
sign distance. Inf Sci 2006;176:2405–2416. [CrossRef]

[22] Bortolan G, Degani R. A review of some methods for 
ranking fuzzy numbers. Fuzzy Sets Syst 1985;15:1–
19. [CrossRef]

[23] Cheng CH. A new approach for ranking fuzzy 
numbers by distance method. Fuzzy Sets Syst 
1998;95:307–317. [CrossRef]

[24] Chu TC, Tsao CT. Ranking fuzzy numbers with an 
area between the centroid point and original point. 
Comput Math Appl 2002;43:111–117. [CrossRef]

[25] Ross TJ. Fuzzy arithmetic and the extension prin-
ciple. In: Fuzzy logic with engineering applications. 
3rd ed. Chichester: John Wiley & Sons; 2010.

[26] Lee KH. Fuzzy number. In: First course on fuzzy 
theory and applications. Berlin: Springer; 2005. p. 
129–151.

[27] Amin F, Fahmi A, Abdullah S. Dealer using a new 
trapezoidal cubic hesitant fuzzy TOPSIS method 
and application to group decision-making program. 
Soft Comput 2018;23:5353–5366. [CrossRef]

[28] Akram M, Arshad M. A novel trapezoidal bipolar 
fuzzy TOPSIS method for group decision-making. 
Group Decis Negot 2019;28:565–584. [CrossRef]

[29] Rohn J. Interval matrices: singularity and eigenvalues. 
SIAM J Matrix Anal Appl 1993;14:82–91. [CrossRef]

[30] Rohn J. Checking properties of interval matrices. 
Tech Rep 1996;686.

https://doi.org/10.1016/j.inffus.2014.03.002
https://doi.org/10.1016/j.inffus.2013.04.002
https://doi.org/10.1016/j.knosys.2018.06.036
https://doi.org/10.1007/s40815-021-01193-9
https://doi.org/10.1109/TFUZZ.2017.2744605
https://doi.org/10.1007/s44196-021-00058-1
https://doi.org/10.1016/j.ifacol.2017.08.1424
https://doi.org/10.1007/s00500-015-2002-0
https://doi.org/10.1080/00222500210528
https://doi.org/10.1016/j.inffus.2017.11.009
https://doi.org/10.1016/S0019-9958(65)90241-X
https://doi.org/10.29020/nybg.ejpam.v15i3.4391
https://doi.org/10.5890/DNC.2022.12.002
https://doi.org/10.3233/JIFS-182775
https://doi.org/10.3233/JIFS-200833
https://doi.org/10.3233/JIFS-210161
https://doi.org/10.1080/00207727708942017
https://doi.org/10.1080/00207727808941724
https://doi.org/10.1016/j.ins.2005.03.013
https://doi.org/10.1016/0165-0114(85)90012-0
https://doi.org/10.1016/S0165-0114(96)00272-2
https://doi.org/10.1016/S0898-1221(01)00277-2
https://doi.org/10.1007/s00500-018-3476-3
https://doi.org/10.1007/s10726-018-9606-6
https://doi.org/10.1137/0614007


Sigma J Eng Nat Sci, Vol. 43, No. 2, pp. 607−614, April, 2025614

[31] Karthick P, Mohiuddine SA, Tamilvanan K, 
Narayanamoorthy S, Maheswan S. Investigations 
of color image segmentation based on connectivity 
measure, shape priority and normalized fuzzy graph 
cut. Appl Soft Comput 2023;139:110239. [CrossRef]

[32] Gustafson DE, Kessel WC. Fuzzy clustering with a 
fuzzy covariance matrix. Proc IEEE; 1978. p. 761–
766. [CrossRef]

[33] Sharma MK, Dhiman N, Mishra VN, Mishra LN, 
Dhaka A, Koundal D. Post-symptomatic detec-
tion of COVID-2019 grade-based mediative fuzzy 
projection. Comput Electr Eng J 2022;101:108028. 
[CrossRef]

[34] Sharma MK, Dhiman N, Mishra LN, Mishra VN, 
Sahani SK. Mediative fuzzy extension technique 
and its consistent measurement in the decision 
making of medical application. Math Probl Eng 
2021;2021:5530681. [CrossRef]

[35] Ghaoui LE. Inversion error, condition number, and 
approximate inverses of uncertain matrices. Linear 
Algebra Appl 2002;343-4:171–193. [CrossRef]

[36] Dehghan M, Ghatee M, Hashemi B. Inverse of a 
fuzzy matrix of fuzzy numbers. Int J Comput Math 
2009;86:1433–1452. [CrossRef]

[37] Farahani H, Ebadi MJ, Jafari H. Finding inverse of a 
fuzzy matrix using eigenvalue method. Int J Innov 
Technol Explor Eng 2019;9:3030–3037. [CrossRef]

[38] Dequan S, Guo X. Solving fuzzy linear matrix equa-
tion. J Phys Conf Ser 2020;1592:012051. [CrossRef]

[39] Anandhkumar M, Punithavalli G, Soupramanien 
T, Broumi S. Generalized symmetric neutrosophic 
fuzzy matrices. Neutrosophic Sets Syst 2023;57:6.

[40] Anandhkumar M, Harikrishnan T, Chithra SM, 
Kamalakannan V, Kanimozhi B, Broumi S, et al. 
Reverse Sharp and Left-T Right-T partial ordering 
on neutrosophic fuzzy matrices. Int J Neutrosophic 
Sci 2023;21:135–145.

[41] Basaran MA. Calculating fuzzy inverse matrix using 
fuzzy linear equation system. Appl Soft Comput 
2012;12:1810–1813. [CrossRef]

[42] Tang HC. Decomposition and intersection of 
two fuzzy numbers for fuzzy preference relations. 
Symmetry 2017;228:9. [CrossRef]

[43] Wang W, Wang Z. Total orderings defined on the set 
of all fuzzy numbers. Fuzzy Sets Syst 2014;243:131-
141. [CrossRef]

[44] Dehngan M, Hashemi B, Ghatee M. Computational 
methods for solving fully fuzzy linear systems. Appl 
Math Comput 2006;179:328-343. [CrossRef]

APPENDIX

Consider the first row of �̃�  :

And (1/13,1/3,5/3) ⊕ (2/13,4/9,5/3) ⊕ (0,2/9,1) = 
(3/13,1,13/3), which is a fuzzy one number as defined in 
Definition 3.

https://doi.org/10.1016/j.asoc.2023.110239
https://doi.org/10.1109/CDC.1978.268028
https://doi.org/10.1016/j.compeleceng.2022.108028
https://doi.org/10.1155/2021/5530681
https://doi.org/10.1016/S0024-3795(01)00273-7
https://doi.org/10.1080/00207160701874789
https://doi.org/10.35940/ijitee.B6295.129219
https://doi.org/10.1088/1742-6596/1592/1/012051
https://doi.org/10.1016/j.asoc.2012.01.005
https://doi.org/10.3390/sym9100228
https://doi.org/10.1016/j.fss.2013.09.005
https://doi.org/10.1016/j.amc.2005.11.124

